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Neural Networks

Figure: Shallow Neural Network
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Neural Networks

Inputs  Weights Net input Activation
function function
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Figure: Structure of a single neuron
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Why Deep learning now?

m Five decades of research in machine learning
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Why Deep Learning?

Revolution of Depth
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Why Deep Learning?

m Resources and efforts from large corporations make it easier!
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Why Deep Learning?
m Resources and efforts from large corporations make it easier!
B Microsoft
theano K CNTK

' & dmlic
PYTORCH & caffe il
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Tensors
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Figure: Tensors
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1 Image source: https://towardsdatascience.com/understanding-pytorch-with-an-example-a-step-by-step-tutoria
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Convolutional Neural Network

fc_3 fc_a
Fully-Connected Fully-Connected
Neural Network Neural Network
Conv_1 Conv_2 RelLU activation
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PyTorch Intro
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